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Abstract

The Al-based Personalized Outfit Recommender represents a ground-breaking platform that transforms the
process of outfit selection for diverse occasions. Convolutional Neural Network (CNN) algorithms, the system
delivers tailored recommendations by considering factors such as event type, personal style preferences, and real-
time weather conditions. The integrating weather-related considerations, the platform suggests clothing options
aligned with the climatic conditions in the user's location. The user experience is further enhanced through
advanced image recognition techniques that analyze the user's wardrobe and propose suitable combinations.
Envisioning an advanced Al-driven platform, the system employs state-of-the-art CNN algorithms to analyze user
preferences, event types, and real-time weather conditions for personalized outfit suggestions. The user interacts
with an intuitive interface, facilitating effortless exploration and selection of outfits. The system's overarching goal
is to not only elevate fashion choices but also provide a convenient and seamless experience by incorporating
intelligent algorithms that continuously learn and adapt to evolving trends and user feedback. Emphasizing
customization, contextual relevance, and user-friendly design, this proposed system seeks to revolutionize
individuals' approach to dressing for various occasions, promising a sophisticated and personalized fashion
experience.

Keywords: Al, CNN, Weather, Image Recognition, Outfit Recommender.

I. INTRODUCTION:

The Al-based Personalized Outfit Recommender marks a significant leap forward in reshaping how
individuals engage with fashion and streamline their outfit selection process. Rooted in cutting-edge technology, this
innovative platform employs Convolutional Neural Network (CNN) algorithms to provide tailored recommendations
based on a multifaceted analysis of user preferences, event types, and real-time weather conditions. In recognizing
the influence of climatic factors on outfit choices, the system seamlessly integrates weather-related considerations to
suggest clothing options aligned with the user's local weather conditions. Beyond mere suggestion, the platform
goes a step further by utilizing advanced image recognition techniques to analyze the user's existing wardrobe,
facilitating the creation of personalized and aesthetically pleasing outfit combinations. The vision behind this
platform extends beyond a conventional outfit recommender. Envisioning an advanced Al-driven ecosystem, the
system not only aims to enhance fashion choices but also prioritizes a seamless and enjoyable user experience.
Through an intuitive interface, users can effortlessly explore and select outfits, guided by intelligent algorithms that
continuously learn and adapt to evolving trends and user feedback. With a focus on customization, contextual
relevance, and a user-friendly design, the proposed system seeks to revolutionize the way individuals approach
dressing for various occasions, promising a sophisticated and personalized fashion experience that aligns seamlessly
with the dynamic and diverse needs of today's fashion enthusiasts.

In the ever-evolving landscape of fashion and technology, the convergence of artificial intelligence (Al)
and personalization has opened up unprecedented possibilities. The Al-based Personalized Outfit Recommender, the
focal point of this innovative project, represents a groundbreaking leap into the future of fashion curation. This
system, driven by state-of-the-art Convolutional Neural Network (CNN) algorithms, aims to redefine the way
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individuals engage with their wardrobes and make informed choices for various occasions.

Fashion, an ever-present facet of human expression, has transcended mere necessity to become a dynamic
form of personal identity. With trends shifting at an unprecedented pace, individuals are increasingly seeking
tailored solutions that align seamlessly with their unique preferences and the contextual demands of their lives.
Recognizing this paradigm shift, our project emerges as a response to the intricate interplay between fashion,
individuality, and technological innovation.

The utilization of Convolutional Neural Networks, a powerful subset of deep learning, to discern intricate
patterns and features within the realm of fashion. The system's ability to understand not only the visual aesthetics of
clothing but also the nuanced preferences of the user is a testament to the advancements in machine learning. By
delving into the layers of neural networks, the algorithm learns to unravel the complexities of personal style, event-
specific attire, and even the impact of real-time weather conditions on outfit choices.

2. LITERATURE SURVEY

[1] Kumar Ayush & Surgan Jandial (2019) In the present work, we introduce a multi-scale patch adversarial
loss for training the warping module of a state-of-the-art virtual try-on network. We show that the proposed loss
produces robust transformation of clothes to fit the body shape while preserving texture details, which in turn
improves image composition in the second stage. We perform extensive evaluations of the proposed loss on the
try-on performance and show significant performance improvement over the existing state-of-the-art method.

[2] Mahir Jain et al., (2020) In this paper, we tackle the latter issue, and perform experimental analysis of the
various Machine Learning techniques that can be used for carrying out the task. Since the recommendations must
be made from a user’s personal wardrobe, the recommender system doesn’t follow a traditional approach. This is
explained in detail in the following sections. Further, the paper contains a complete description of the results
obtained from the experiments conducted, and the best approach is specified, with appropriate justification for the
same. Present day recommender systems are generally based on clustering users with similar interests into
different groups to find suitable products that might interest them.

[3] Muhammad Usman Ghani Khan & Abdullah Tariq (2022) the proposed model first learns thin-plate spline
transformations to warp images according to body shape, followed by a try-on module. The former model
combines deformed cloth with a rendered image to generate a composition mask and outputs target body without
blurry clothes while preserving critical requirements of the wearer. Experiments are performed on the Zalando
dataset and the model produces fine richer details and promised generalized results. Virtual apparel fitting models
acquiesce their customers to try clothes without physically wearing them. With an increasing demand for online
shopping, the buyer wants to know-how he will look in the desired fashion item when purchasing it online. Thus,
with the convenience of online shopping, self-reliance on buying a fashion item would be more comfortable for
consumers and enhance their shopping experience. Retailers will also expect reasonable costs in the clothing
market. The proposed technique is cheap and rapid compared to photoshoots of each dress on models.

[4] Nannan Wu & Qianwen Chao (2021) we present a CPU-based real- time cloth animation method for dressing
virtual humans of various shapes and poses. Our approach formulates the clothing deformation as a high-
dimensional function of body shape parameters and pose parameters. In order to accelerate the computation, our
formulation factorizes the clothing deformation into two independent components: the deformation introduced by
body pose variation (Clothing Pose Model) and the deformation from body shape variation (Clothing Shape
Model). Furthermore, we sample and cluster the poses spanning the entire pose space and use those clusters to
efficiently calculate the anchoring points. We also introduce a sensitivity-based distance measurement to both find
nearby anchoring points and evaluate their contributions to the final animation.

[5] Umit Turkut & Adem Tuncer (2021) In this paper, a deep learning- based online recommendation system
has been proposed with a Convolutional Neural Network (CNN). Classes of different patterns in the CNN
architecture have been determined according to users' and designers' pattern preferences. The deep learning model
recommends patterns considering color compatibility for textile products. The proposed model has been trained
and tested using our own pattern dataset including 12000 images. Experiments on pattern datasets show the
effectiveness of our proposed approach. Due to the recent developments in internet technologies, online shopping
continues to grow rapidly. Customers prefer to purchase new products in color or pattern to be compatible with
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existing products. In online shopping, it takes a lot of time to search for all compatible products. Automated
recommendation systems can speed up finding a wide variety of patterns that customers are interested in. The use
of recommendation systems is increasing day by day, as it helps consumers effectively scan a huge number of
products online and identify the right products that meet their needs.

[6] Debapriya Roy & Sanchayan Santra (2020) In general, vton methods work in two stages. The first stage
warps the source cloth and the second stage merges the cloth with the person image for predicting the final try-on
output. While the second stage is comparatively easier to handle using neural networks, predicting an accurate
warp is difficult as replicating actual human body deformation is challenging. A fundamental issue in vton domain
is data. Although lots of images of cloth are available over the internet in either social media or e- commerce
websites, but most of them are in the form of a human wearing the cloth. However, the existing approaches are
constrained to take separate cloth images as the input source clothing. To address these problems, we propose a
model to person cloth warping strategy, where the objective is to align the segmented cloth from the model image
in a way that fits the target person, thus, alleviating the need of separate cloth images. Compared to the existing
approaches of warping, our method shows improvement especially in the case of complex patterns of cloth.
Rigorous experiments applied on various public domain datasets establish the efficacy of this method compared to
benchmark methods.

[7] Surgan Jandial & Ayush Chopra (2020) Image-based virtual try-on for fashion has gained considerable
attention recently. The task requires trying on a clothing item on a target model image. An efficient framework for
this is composed of two stages: (1) warping (transforming) the try-on cloth to align with the pose and shape of the
target model, and (2) a texture transfer module to seamlessly integrate the warped try-on cloth onto the target
model image. Existing methods suffer from artifacts and distortions in their try-on output. In this work, we present
Sieve Net, a framework for robust image-based virtual try- on. Firstly, we introduce a multi-stage coarse-to-fine
warping network to better model fine grained intricacies (while transforming the try-on cloth) and train it with a
novel perceptual geometric matching loss. Next, we introduce a try-on cloth conditioned segmentation mask prior
to improve the texture transfer network.

[8] Aladdin Masri & Muhannad Al-Jabi (2019) Trying clothes in clothing stores is usually a time-consuming
activity. Besides, it might not even be possible to try-on clothes in such cases as online shopping. Our motivation
here is to increase the time efficiency and improve the accessibility of clothes try on by creating a virtual dressing
room environment. In this work, we introduce a virtual dressing room application using Microsoft Kinect sensor.
Our proposed approach is mainly based on extraction of the user from the video stream, alignment of models and
skin color detection. We use the modules for locations of the joints for positioning, scaling and rotation in order to
align the 2D cloth models with the user. Then, we apply skin color detection on video to handle the unwanted
occlusions of the user and the model. Finally, the model is superimposed on the user in real time.

[9] Dr.P.Hamsagayathri & Dr.K.Rajakumari (2020) Social media has become the hub for sharing and
communicating the information among people. Due to increase in popularity of social media, it led the people to
share the information through the internet. Thus, it helps to understand and predict user behavior in social media
platforms, where it helps the entrepreneurs to understand improve the quality of the products or services they
offered. It also helps them to understand the requirements of customers in better way. In this research paper, SVM
and REPTree classifiers are used to classify the customer reviews on women clothing e-commerce, whether to
recommend the product or not. The classifier performances are evaluated using accuracy, precision and recall
parameters. REPTree outperforms SVM and achieves highest classification accuracy of 91.43% with precision and
recall values as 93.75% and 96.04% respectively. With the advent of e-commerce in retail industry, enormous job
opportunities knock the doors of women entrepreneurs to have successful career. In today’s digital world, India is
considered as growing hub for many talented women entrepreneurs. However, it is lagging behind in women
power development due to orthodox and prevailing attitude towards the weaker sex. Inspite of all these social
tribulations, India is having a plethora of women’s success stories. Thirsty Women Entrepreneurs seized new
opportunities through technology and turned out as ‘eye-opener’.

[10] Dr. Vishwanath Karad [10] (2022) The Virtual cloth Try-on is one of the biggest inventions took place in
fashion industry which contributes to enhance user experience by allowing them to try out garments virtually
without wearing it. Researchers are working on several technologies right from Image processing to augmented
reality (AR) to develop and deploy a stable, sustainable platform to enable virtual cloth try-on experience. In
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proposed system augmented reality technique is used to create the same experience. With the help of OpenCV and
Python programming, Marker based AR is designed for four types of 2D image garment datasets such as Dress, Top,
Jeans and Skirt.

3. OBJECTIVES AND METHODOLOGY:
Careful selection and implementation of components, tools, data acquisition techniques, procedures, test
methods and standards play an important role in project success and reliability.

. Components: Image preprocessing libraries (Open CV, Scikit-Image), machine learning frameworks
(TensorFlow, PyTorch) and web application development (HTML, CSS, JS, React).
. Tools: Employing industry-standard tools like OpenCV and Scikit-Image for image preprocessing, Python

and Jupyter Notebooks for data analysis, and TensorFlow and PyTorch for model training, ensuring reliability and
robustness of results.

. Data collection: Gathering diverse datasets of fashion images to train the machine learning models
effectively, encompassing various styles, occasions, and weather conditions to ensure versatility and accuracy in
outfit recommendation. E.g.: Myntra fashion Dataset.

. Technology: Leveraging advanced image processing techniques for preprocessing and state-of-the-art
machine learning algorithms for outfit recommendation and try-on simulation.

. Procedures: Establishing a rigorous approach to data preprocessing, model training, and performance
evaluation to ensure consistency, accuracy, and reproducibility in outfit recommendation.

. Testing methodology: Utilizing cross-validation, accuracy metrics, and user testing to verify application
performance and effectiveness of outfit recommendation and try-on feature, ensuring a seamless and satisfying user
experience.

. Standards: Utilizing cross-validation, accuracy metrics, and user testing to verify application performance

and effectiveness of outfit recommendation and try-on feature, ensuring a seamless and satisfying user experience.
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Figure 1: Work Flow

Explanation of Flow Diagram:

. Data Collection: In the first, a dataset of fashion image is collected. This dataset forms the foundation for
training and testing of the machine learning model.
. Preprocessing: Standardize data formats, remove inconsistencies, and handle missing values. Extract

meaningful features from the data. This could involve categorizing clothing items, encoding colors, and representing
user preferences as numerical values.

. Feature Extraction: Utilizing the RESTNet50 model, relevant features are extracted from preprocessed
fashion images. These features capture essential aspects of the clothing items necessary for recommendation and try-
on simulation.

. Machine Learning Model: The Al model, based on RESTNet50 architecture, is developed and trained using
the extracted features alongside a tagged dataset. This model forms the backbone of our outfit recommendation
system.

. Outfit Recognition: Trained machine learning models are tested with real-time input images to ensure
accuracy. Rigorous training with diverse test images enhances the model's precision in recommending suitable
outfits based on user preferences and real-time weather conditions.

. User Interface Design: Concurrently, an interactive and user-friendly interface is designed for the React
front-end website. This interface plays a pivotal role in engaging users and facilitating their outfit selection
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experience.

. Integration: Trained machine learning models are seamlessly integrated into the React front-end website,
enabling real-time outfit recommendation and try-on functionalities. Users receive immediate feedback on how the
recommended outfits would appear on them.

. User Personalization: Leveraging machine learning algorithms, the system adapts materials and outfit
recommendations to individual user preferences and feedback. This ensures a tailored and personalized fashion
experience for each user.

4. OUTFIT RECOMMENDATION:

During the initial development phases, machine learning played a pivotal role in identifying the most
efficient method for comparing fashion items and optimizing image processing parameters. The Myntra fashion
dataset served as our primary resource during this phase. This dataset encompassed a wide range of clothing items
worn across various weather conditions. Utilizing this dataset, we trained our machine learning models to deliver
accurate outfit recommendations based on user preferences and real-time weather data. Furthermore, we
seamlessly integrated OpenCV for real-time try-on simulations, allowing users to visualize recommended outfits
on themselves. Throughout these stages, we continuously refined our algorithms and conducted thorough testing
to ensure the reliability and effectiveness of our Al-based personalized outfit recommender.
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Figure 2: Method

41 DATASET COLLECTION:

Collecting a comprehensive dataset of fashion images is essential for training the Convolutional Neural
Network (CNN) effectively. This dataset should encompass a wide range of styles, occasions, and weather
conditions to ensure diversity and representation. By including images from various sources such as fashion
magazines, e-commerce websites, and social media platforms, the dataset can provide a rich and varied set of
examples for the CNN to learn from. Careful curation of the dataset is crucial to ensure that it accurately reflects
the diversity of fashion styles and preferences.
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42 IMAGE PRE-PROCESSING:

Image pre-processing is a crucial step before training the CNN, involving various techniques to
standardize dimensions, enhance image quality, and normalize color schemes. Standardizing image dimensions
ensures uniformity in the dataset, allowing the CNN to process images efficiently during training. Enhancing
image quality may involve techniques such as denoising, sharpening, and contrast adjustment to improve visual
clarity. Normalizing color schemes helps to reduce variations in lighting and color balance, ensuring consistency
across images. By pre-processing images before training, the dataset is optimized for the CNN's learning process,
leading to more effective training outcomes.

43 IMAGE SEGMENTATION:

Image segmentation is the process of dividing images into meaningful segments or regions, such as
individual clothing items within an outfit. This segmentation facilitates the isolation of specific features during
the CNN training, enabling the model to focus on relevant areas of the image. The segmenting images into
distinct regions, the CNN can extract features specific to each clothing item, such as style, color, texture, and
pattern. This segmentation process enhances the accuracy of the CNN's recommendations by providing more
granular information about the components of an outfit. The image segmentation plays a vital role in improving
the effectiveness of the CNN for personalized outfit recommendations.

4.4 TRAINING THE CNN MODEL.:

Once the images are pre-processed and segmented, they are utilized to train the Convolutional Neural
Network (CNN). During training, the CNN learns to identify and recognize patterns, textures, and features present
in the images. These features are associated with various factors such as user preferences, event types, and
weather conditions. By analysing the segmented images and corresponding labels, the CNN adjusts its internal
parameters to improve its ability to make accurate predictions. Through the process of iterative optimization, the
CNN gradually improves its performance in generating personalized outfit recommendations based on the input
data.

45 OUTFIT RECOMMENDATION:

In this utilizing the trained CNN model, the Outfit Recommendation module generates personalized outfit
suggestions tailored to the user's preferences, the specific type of event, and real-time weather conditions. By
analysing the input data and extracting relevant features, such as style elements, color palettes, and clothing types,
the module provides recommendations that align with the user's individual taste and the context of the occasion.
Through the integration of advanced algorithms, this module ensures that the outfit suggestions are not only
stylish but also practical and weather-appropriate, enhancing the overall user experience.

5. FRONT END:

The objective of this project is a sophisticated fashion recommendation platform designed to
revolutionize users' shopping experiences. Seamlessly integrating real-time weather data, the platform offers
personalized outfit suggestions tailored to users' local weather conditions, ensuring practical and stylish choices
for any climate. This Project goes beyond mere weather considerations, providing outfit recommendations
perfectly suited to various occasions, whether it be a casual outing or a formal event. Its innovative virtual try-
on feature, powered by advanced computer vision techniques including the HR-VITON model and
Graphonomy, postnet modules, allows users to upload images and visualize how different clothing items would
look on them before making a purchase. This immersive experience not only enhances user engagement but also
instills confidence in their fashion decisions. Developed with React, Material-Ul, and react-bootstrap, the
frontend boasts a modern and intuitive interface, ensuring a seamless user experience. With its comprehensive
approach to personalized fashion recommendations, This Project aims to redefine online shopping, driving
increased user satisfaction and engagement in the process.

6. BACK END:

As important as Front end, the backend also plays a very crucial role in our project aiming to take the user
experience to the next level. We had used flask as backend of the project, the main reason to use flask for
backend is the machine learning models that serve as backbone of the project. Chosen for its ability to seamlessly
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integrate with machine learning models and handle complex business logic efficiently. Flask's lightweight and
flexible framework make it ideal for developing RESTful APIs, which serve as the communication bridge
between the frontend interface and various resources such as databases and external APls. With Flask, we can
easily integrate advanced computer vision techniques and machine learning algorithms, enabling features like
personalized outfit recommendations and virtual try-on simulations.

7. RESULT AND DISCUSSION:

The results and discussion of the project “Al Based Personalized Outfit Recommender”. This includes
results of the deep learning model performances, Front End performance as well as Backend i.e., Flask App
performance. The result is obtained from the flask application that is used by users of small numbers.

7.1  RESULTS

This segment organizes findings systematically, adhering to the project's methodology. It encompasses
the assembly of results through visual aids such as images, graphs, and tables, alongside thorough explanations
of significant discoveries.

7.1.1 ResNet 50 Model Performance

This segment illustrates how ResNet50 and VGG16, two popular convolutional neural network (CNN)
architectures pretrained on the ImageNet dataset, are employed to extract features from images within a dataset.
The dataset, formatted as a CSV file, contains details about Myntra products, including the URLSs corresponding
to their images. Upon loading the dataset, these URLs are utilized to retrieve and preprocess the images,
preparing them for input into the neural network models.

ResNet50 and VGG16 are chosen for their effectiveness in extracting meaningful features from images.
These models are capable of capturing intricate patterns and representations within the images, which can then
be used for various tasks such as classification, clustering, or similarity comparison.

Before feeding the images into the models, they are resized to meet the required input dimensions of
(224, 224, 3) and undergo preprocessing using the preprocess_input function. Preprocessing typically involves
normalization and

standardization to ensure that the input data conforms to the expectations of the neural network
architecture.

Once the images are preprocessed, they are passed through the ResNet50 and VGG16 models to extract
feature vectors representing the images' characteristics. These feature vectors capture important visual
information encoded within the images, such as shapes, textures, and colors. After extraction, the feature vectors
are normalized to facilitate comparison and analysis.

The feature extraction process is performed iteratively for each image in the dataset, ensuring that every
image's visual content is represented by a corresponding feature vector. These feature vectors can then be stored
for subsequent analysis or utilized in various applications such as image similarity search or recommendation
systems. Saving the feature vectors to files allows for easy retrieval and reuse in future tasks without the need to
recompute them.

Overall, this model serves as a practical demonstration of leveraging pretrained deep learning models for
image feature extraction in real-world scenarios, showcasing their utility in understanding and analyzing large
collections of images efficiently and effectively.

7.1.2 Hybrid Model Performance

This code snippet presents the preprocessing and analysis of a dataset sourced from Myntra.com,
focusing on creating a recommendation system for products. Initially, the dataset is loaded and cleaned to
remove duplicates and null values. Various features such as brand, inventory, and product type are explored
through visualizations and statistical analysis. Preprocessing steps include handling null values, text
preprocessing, and creating a corpus for model training.

The popularity-based recommendation system identifies popular products based on total rating counts
and average ratings. Furthermore, the collaborative filtering technique is implemented using Nearest Neighbors
to find similar products based on user ratings. Content-based recommendation is also explored, leveraging TF-
IDF vectorization and cosine similarity to recommend products based on textual features

22839 ijariie.com 938



Vol-10 Issue-2 2024 IJARIIE-ISSN(O)-2395-4396

The entire process involves data manipulation, exploratory analysis, and the implementation of different
recommendation techniques to provide personalized suggestions to users based on their preferences and
behavior. Finally, the recommendation functions are tested with sample product titles to demonstrate their
effectiveness in suggesting relevant items to users.

7.1.3 Flask Performance

The flask app processes incoming requests from multiple users in a First In, First Out (FIFO) manner. It
accurately receives request from the frontend and processes it accordingly. The diagram depicting the model
handling multiple requests (Figure 3 ) clearly demonstrates how the model processes requests and send
appropriate response back to the front end .

INFO:werkzeug:

(’ INFO:werkzeug:127.0.0.1 [14/Mar/2024 05:02:03] "POST /upload_cloth HTTR/1.1" 200
INFO:werkzeug:127,0.0.1 - [14/Mar/2024 @5:02:10] "POST /upload_person MTTP/1,1" 200 -
INFO:werkzeug:127.0,0.,1 - [14/Mar/2024 05:02:11] "OPTIONS /run_main_py HTTP/1.1" 200 -
INFO:werkzeug:127.0.,0.1 - [14/Mar/2024 85:03:12] "GET /run_main_py WTTR/1.1" 200 -
INFO:werkzeug:127.0.0.1 - [14/Mar/2024 05:03:15) "OPTIONS /display_image HTTP/1,1" 200 -
INFO:werkzeug:127.0.0.1 [14/Mar/2024 ©5:03:15] "GET /display_image HTTP/1.1" 200
INFO:werkzeug:127.0.0.1 - - [14/Mar/2024 05:03:42] "OPTIONS /bastsellers HTTP/1.1" 200 -
INFO:werkzeug:127.60.0.1 [14/Mar/2024 ©5:03:42] "OPTIONS /bestsellers HTTP/1.1" 200
INFO:werkzeug:127,0.,0.1 - [14/Mar/2024 05:03:43) "GET /bestsellers WTTP/1.1" 200 -
INFO:werkzeug:127.0.0.1 [14/Mar/2024 ©5:03:43] "GET /bestsellers HTTP/1.1" 200 -
INFO:werkzeug:127,0.0.1 - [14/Mar/2024 85:03:47] "GET /bestsellers HTTP/1.1" 200 -
INFO:warkzeug:127.0,0.1 - [14/Mar/2024 05:03:48)] “GET /bastsellers HTTP/1.1" 200 -
INFO:werkzeug:127,9,0,1 - [14/Mar/2024 85:06:19) "OPTIONS /display_image WTTP/1.1" 200 -
INFO:werkzeug:127.0.0.1 - [14/Mar/2024 05:06:19] "GET /display_image HTTR/1.1" 304 -
INFO:werkzeug:127.8.8,1 - - [14/Mar/2024 05:07:37] "OPTIONS /imageData HTTRP/1,1" 200 -

1/0 [ o o ] 45 4s/step

INFO:werkzeug:127.0.0.1 - - [14/Mar/2024 05:07:42] "POST /imageDatas HTTP/1.1" 200 -
INFO:werkzoug:127.0.0.1 [14/Mar/2024 ©5:07:55] "OPTIONS /bestsellers HTTP/1.1" 200
INFOiwerkzeug:127.0.0.1 - [14/Mar/20624 ©5:07:55] "OPTIONS /bestsellers HTTP/1.1" 200 -
INFO:werkzeug:127.90,0.1 - [14/Mar/2024 @5:07:56)] “GET /bestsellers HTTP/1.1" 2060 -
INFO:werkzeug:127.0,0.1 - [14/Mar/2024 05:07:57] "GET /bestsellers HTTP/1.1" 200 -
INFO:werkzeug:127,0,0.,1 - - [14/Mar/2024 ©5:09:16) "OPTIONS /display_image HTTP/1.1" 200 -
INFO:werkzeug:127.9.0.1 [14/Mar/2024 ©5:09:17] "GET /display_image HTTP/1.1" 200
INFO:werkzeug:127,0.0.1 - - [14/Mar/2024 05:15:37) “"OPTIONS /bestsellers HTTP/1.1" 200 -
INFO:werkzoug:127.0.0.1 [14/Mar/2024 ©5:15:37)] "OPTIONS /bestsellers HTTP/1.1" 200
INFO:werkzeug:127.0.0.1 - [14/Mar/2024 05:15:37] "GET /bestsellers HTTP/1.1" 200 -
INFO:werkzeug:127.0.0.1 [14/Mar/2024 ©5:15:38] "GET /bestsellers HTTP/1.1" 200
INFO:werkzeug:127.0.,0.1 - [14/Mar/2024 @5:16:22] "POST /upload_cloth MTTP/1.1" 200 -
INFO:werkzeug:127.0.0.1 [14/Mar/2024 ©5:16:29] "POST /upload_person HTTP/1.1" 200
INFOiwerkzeug:127.0,0.1 - [14/Mar/2024 @5:16:33] "OPTIONS /run_main_py WTTP/1.1" 280 -
INFO:werkzeug:127.0.0.1 - [14/Mar/2024 05:17:29] “"GET /run_main_py HTTP/1.1" 200 -
INFO:werkzeug:127.8.0.1 - [14/Mar/2024 85:17:40] “"OPTIONS /display_image WTTRP/1,1" 200 -
INFO:warkzeug:127.0.0.1 - [14/Mar/2024 05:17:40)] “GET /display_image HTTP/1.1" 200 -
INFO:werkzeug:127.0.0.1 [14/Mar/2024 ©5:18:48] "OPTIONS /imageData HTTR/1.1" 200

Figure 3: App handles multiple request

7.2  FRONT END

This segment outlines the outcomes, progressing from basic to intricate, as indicated by the provided
figures. It encompasses an analysis of the results' importance, comparisons with pertinent research, and their
implications. These findings encompass the front-end functionality and performance.

7.2.1 Weather Based Suggestion

The results show that the weather component of the front end. This gets the user’s location by GPS
(Location Access) and then with the help of OpenWeatherMap API it gets the user’s location’s weather
forecast. Now with the weather forecast it suggests the output as seen in Figure.
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7.2.2 Occasion Based Suggestion
First user should enter the type of occasion he is going or he would like to get suggestion for wearing outfit. The
chatbot process the request and then suggest the outfit for the prompt typed by the user (Figure 4).

Outfit Suggestions

suggest outfit for party

Sure! Here's a stylish
outfit suggestion for a
party:

For women:

e A chic, off-the-
shoulder top in a
bold color like red
or black

e High-waisted
skinny jeans or a

leather skirt
e Statemeaent

Figure 4 : Occasion

7.2.3 Comparison with Related Studies
Our results are consistent with similar projects in the field of outfit suggestion, tryon feature using
opencv. This comparison with related studies demonstrates the relevance and impact of our project.

7.3  SIGNIFICANCE, STRENGTHS, AND LIMITATIONS

7.3.1 Significance

Our project carries significant weight in the realm of outfit suggestion. Through our technological
solution, which improves readability and actively involves users, we play a pivotal role in modernizing
shopping outfit experience within this field.
7.3.2 Strengths

The Al-based personalized outfit recommender boasts several key features that set it apart. Its
foundation rests on a meticulously trained ResNet50 model, ensuring accurate and reliable outfit suggestions.
Furthermore, the system factors in real-time weather conditions and occasion, guaranteeing tailored
recommendations suitable for any situation. The try-on feature enhances user experience by allowing
individuals to visualize outfits before making a decision. This amalgamation of cutting-edge technologies
results in a sophisticated and intuitive platform, offering personalized outfit suggestions tailored to individual
preferences and environmental factors.
7.3.3 Limitations

While the "Al-based personalized outfit recommender” project boasts several strengths, it also faces
certain limitations. Firstly, its reliance on the quality and diversity of the dataset used to train the ResNet50
model could impact the accuracy of outfit recommendations. Additionally, the accuracy of the real- time
weather feature hinges on the reliability of weather data sources and prediction algorithms, potentially leading

22839 ijariie.com 940



Vol-10 Issue-2 2024 IJARIIE-ISSN(O)-2395-4396

to inappropriate suggestions if predictions are inaccurate. The challenge of accurately classifying occasions and
providing personalized recommendations for each user adds complexity to the project, requiring robust
algorithms to understand individual preferences effectively. Furthermore, while the try-on feature enhances user
engagement, its effectiveness may be limited by factors such as virtual try-on technology quality and device
compatibility. As the user base grows, scalability and maintaining performance become crucial, necessitating
scalable infrastructure and efficient algorithms. Ethical considerations, including privacy protection and
avoiding algorithmic bias, must also be addressed to ensure responsible use of user data. Despite these
limitations, continuous improvement, feedback mechanisms, and rigorous testing can enhance the project's
effectiveness and user satisfaction over time.

8. CONCLUSION AND SUGGESTION FOR FUTURE WORK:

Our project revolutionizes the process of outfit selection by integrating advanced Al techniques with real-
time weather and occasion analysis. Leveraging a well-trained ResNet50 model, our system accurately recommends
personalized outfits tailored to individual preferences and environmental conditions. With an intuitive user interface
and seamless try-on feature, users can effortlessly explore and visualize outfit options, enhancing their shopping
experience. This innovative approach not only simplifies outfit selection but also empowers users to make informed
fashion choices independently, reducing the reliance on traditional fashion advice platforms.

8.1 CONCLUSION

In conclusion, our project represents a significant advancement in outfit recommendation systems, offering
users a personalized and intuitive platform to explore fashion choices based on real-time weather conditions and
occasions. By leveraging React for the frontend and Flask for the backend, we've developed a seamless and
responsive application that delivers accurate recommendations while ensuring a smooth user experience. The
integration of Al algorithms, coupled with the versatility of the frontend and backend technologies, allows us to
provide tailored outfit suggestions that cater to individual preferences and environmental factors. Moving forward,
we aim to further enhance the system's capabilities, expand its user base, and continuously refine the
recommendation process to meet the evolving needs of fashion enthusiasts worldwide.

8.2 SUGGESTION FOR FUTURE WORK

In wrapping up this project, it's important to acknowledge that there are areas that haven't been fully
explored yet and offer opportunities for improvement and growth. Here are key areas for future research and
development:

. Improved Recommendation Algorithms: As we wrap up this project, it's clear that there are opportunities
for further enhancement and development. One such avenue is the improvement of recommendation algorithms by
exploring advanced machine learning methodologies like deep learning models. By delving into these techniques,
we can gain deeper insights into user preferences and stay updated with the ever-changing landscape of fashion
trends. This would enable us to offer more tailored and relevant outfit suggestions, ensuring a more fulfilling
experience for users.

. Incorporating Social Media Integration: Enhance user experience by enabling seamless connectivity
between the application and popular social media platforms like Instagram or Pinterest. By allowing users to link
their social media profiles, the application can leverage their interactions such as likes, comments, and shares to
provide personalized outfit recommendations. This integration not only adds convenience for users but also enriches
the recommendation algorithm with valuable insights from their social interactions, resulting in more relevant and
engaging outfit suggestions.

. Virtual Try-On Technology: Enhance user engagement and shopping experience by integrating virtual try-
on technology using advanced techniques like augmented reality (AR) or computer vision. This feature enables
users to virtually try on different outfits, seeing how they look on themselves in real-time through their device's
camera. By providing a realistic and interactive way to preview clothing items before purchasing, the application
empowers users to make more informed decisions and increases their confidence in selecting the right outfit.

. User Feedback and Rating System: Enhance user engagement and refine recommendation accuracy by
integrating a feedback and rating system into the application. This feature allows users to provide feedback on
recommended outfits, such as rating their satisfaction level or providing

comments on the fit, style, and overall experience. By collecting and analyzing user feedback, the system can
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continuously improve its recommendation algorithms, tailoring suggestions to better match individual preferences
and fashion tastes. Additionally, the feedback loop fosters a sense of user involvement and empowerment, as their
input directly influences the quality of future recommendations, ultimately enhancing overall user satisfaction and
loyalty.

To sum up, our project has established a solid groundwork for enhancing outfit recommendations through
technological advancements. However, there are promising avenues for further exploration and advancement,
aiming to create a more impactful, interactive, and accessible learning journey for individuals from diverse
backgrounds and age groups.
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