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Abstract 

We propose an ontology-based data mining methodology called ExCIS (Extraction utilizing a Conceptual 

Information System) for incorporating master earlier knowledge in a data-mining measure. Its innovation is to 

assemble a particular Conceptual Information System identified with the application domain to improve datasets 

arrangement and results translation. Technology has been influencing education for quite a while. Websites involve 

a huge spot and web-based learning is a significant model. The Internet today assumes a few basic parts in 

education, for example, giving information, encouraging correspondence, giving a climate to imagination, and 

conveying guidance. At present, websites are acquiring significance in education. There are various research studies 

which have already been published previously regarding knowledge extraction and education separately. But no any 

combine research found in context of Design and development of knowledge extraction system for education. The 

primary goal of text mining or maybe text analytics refers to the procedure of extracting motivating, nontrivial 

details as well as understanding from unorganized, semi framework data. Text mining is the strategy of separating 

interesting and non-minor information and knowledge from unstructured text utilizing data mining strategies. Text 

grouping is one of the significant methods in text mining to expand end user satisfaction by giving helpful 

knowledge. The vast majority of the materials accessible in an educational framework web are as text documents. 

Keywords: Knowledge Extraction, Information System, Education, Text mining, text documents. 

1. INTRODUCTION 

It's undeniably true that the data mining interaction can create a huge number of examples from data. Different 

estimates exist for assessing and positioning these found examples however regularly they don't consider user 

abstract interest. We propose an ontology-based data mining methodology called ExCIS (Extraction utilizing a 

Conceptual Information System) for incorporating master earlier knowledge in a data-mining measure. Its 

innovation is to assemble a particular Conceptual Information System identified with the application domain to 

improve datasets arrangement and results translation.  

The excellent objective of Machine Learning is to foster software which can gain from past experience—like how 

we people do. At last, to arrive at a degree of usable insight, we need (1) to gain from earlier data, (2) to remove 

knowledge, (3) to sum up—i.e., think about where likelihood work mass/thickness concentrates, (4) to battle the 

scourge of dimensionality, and (5) to unravel basic illustrative factors of the data—i.e., to sort out the data in the 

context of an application domain. To address these difficulties and to guarantee fruitful AI applications in different 

domains an incorporated AI approach is significant. This requires a deliberate worldwide exertion without limits, 

supporting communitarian, cross-domain, interdisciplinary and trans disciplinary work of specialists from seven 

areas, going from data pre-handling to data representation, i.e., to plan results found in discretionarily high 

dimensional spaces into the lower measurements to make it available, usable and valuable to the end user. A 

coordinated AI approach needs additionally to think about issues of protection, data assurance, wellbeing, security, 

user acknowledgment and social ramifications.  

While the field of educational data mining (EDM) has created numerous advancements for improving educational 

software and understudy learning, the mining of understudy data has as of late go under a lot of investigation. 
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Numerous partner gatherings, including public authorities, news sources, and guardians, have voiced worry over the 

protection of understudy data and their endeavors have collected public consideration. The energy behind and 

investigation of understudy protection has made it progressively hard for EDM applications to change from the 

scholarly world to industry.  

Technology has been influencing education for quite a while. Websites involve a huge spot and web-based learning 

is a significant model. The Internet today assumes a few basic parts in education, for example, giving information, 

encouraging correspondence, giving a climate to imagination, and conveying guidance. At present, websites are 

acquiring significance in education. This investigation presents information about web-based learning, utilizing 

websites in education, and reports information about what specialists have found in such manner. What's more, a 

basic point, which is web availability, is talked about identified with interactive media components. Therefore, a 

website can be utilized as a wellspring of information, as an apparatus for evaluation, and as a stage to create and 

share an item. 

2. WHY MACHINE LEARNING & KNOWLEDGE EXTRACTION (MAKE)?  

Machine learning manages understanding insight for the design and development of algorithms that can gain from 

data, to acquire knowledge as a matter of fact and improve their learning conduct over the long run. The test is to 

find pertinent underlying and additionally transient examples ("knowledge") in data, which is frequently covered up 

in self-assertively high dimensional spaces, hence not open to a human. Today, machine learning is the quickest 

developing specialized field, having numerous application domains, e.g., shrewd wellbeing, brilliant factory 

(Industry 4.0), and so forth with many use cases from our day by day life, e.g., recommender frameworks, discourse 

acknowledgment, independent driving, and so on The amazing difficulties are in sense making, in context 

understanding, and in dynamic under vulnerability. This present reality is loaded with vulnerabilities and 

probabilistic information—and probabilistic deduction immensely impacted man-made consciousness and 

measurable learning. The reverse likelihood permits to construe questions, to gain from data and to settle on 

expectations to help dynamic. Progressively mind boggling data sets require productive, valuable and usable 

answers for knowledge revelation and Knowledge Extraction. 

Machine Learning 

Machine Learning (ML) is a useful field offering numerous answers for issues in our everyday life, consequently 

making it so hugely helpful today. This apparent and persuading achievement is for the most part because of three 

facts:  

 engineer's acknowledgment of the idea of likely information in a questionable world;  

 the force and appropriateness of measurable learning hypothesis; and  

 the accomplishment of profound learning 

ML is grounded in Statistical Learning Theory (SLT) which gives an enormous structure to considering major 

inquiries of learning and derivation, extricating knowledge, settling on expectations and choices and building formal 

models from data. At last, SLT adds to assist with designing better learning algorithms.  

 Vulnerability and Probabilistic Reasoning  

The reason for the incredible achievement of ML was set over 250 years prior by Thomas Bayes (1701–1761), 

whose work on dynamic under vulnerability was conveyed after his dead by Richard Price (1723–1791). In any 

case, it was really Pierre Simon De Laplace (1749–1827) approximately 20 years after the fact [9], who summed up 

these thoughts and made the field of probabilistic thinking available, usable and valuable for computational 

methodologies today. A further achievement factor was the prescient force of Gaussian Processes, which have been 

effectively utilized for managing stochastic cycles in time. A Gaussian cycle (GP) can be viewed as a speculation of 

the ordinary likelihood conveyance, which is named after Carl Friedrich Gauss (1777–1855), and which can be 

utilized as earlier likelihood dissemination over capacities. This thought is shockingly valuable now for us managing 

high-dimensional data, on the grounds that Bayesian induction can be handily applied, thusly it's anything but a 

steady view with process ability. Also, it is interesting that the probabilistic thinking approach fits well to 

clarifications of human learning and issue.  
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 Artificial Generation of Knowledge from experience 

ML as a field of software engineering began seventy years prior with thoughts on creating algorithms that can 

naturally gain from data to acquire knowledge for a fact and to continuously improve their learning conduct. The 

first definition was "the artificial generation of knowledge for a fact", and first examinations have been performed 

with games. While measurements meant to give a human the devices to dissect data physically, the point of ML was 

from the start to supplant the human, and comparatively as we people do, to gain naturally from data to settle on 

expectations and choices. Thusly, ML was consistently a field of covering interest between intellectual science and 

software engineering. The field advanced tremendously over the most recent twenty years with application triumphs 

in different fields, going from Astronomy to Zoology, generally because of the accessibility of what is classified 

"Enormous Data", gathered by satellites, telescopes, high throughput machines, sensor organizations, PDAs, and so 

forth. The best practice models today incorporate self-ruling vehicles, recommender frameworks, or normal 

language understanding. At last, the persuading victories regarding profound conviction network approaches made 

the field extremely noticeable (see beneath). In the meantime industry from Amazon to Zalando is putting a ton into 

research as they imagine colossal business potential sooner rather than later which likewise animates productive 

participation among the scholarly world and industry, and tiny organizations have recognized the worth of ML for 

settling a huge assortment of business applicable issues. Wellbeing informatics is among the best application 

challenges, which isn't unexpected, on the grounds that medication is a genuine model for a domain brimming with 

vulnerability, where we are continually defied with probabilistic, obscure, fragmented, heterogeneous, uproarious, 

grimy, incorrect, erroneous, and missing data sets in discretionarily high dimensional spaces, which presents 

stupendous difficulties to ML. 

 Automatic ML vs. Interactive ML 

 A definitive objective of the overall ML people group is to foster algorithms/frameworks which can naturally gain 

from data with no human-on the up and up. This programmed machine learning (aML) functions admirably while 

having a lot of preparing data, therefore "Huge Data" is advantageous for programmed approaches. Nonetheless, 

once in a while we don't have a lot of data, or potentially we are stood up to with uncommon occasions as well as 

difficult issues. The wellbeing domain is a delegate model for a domain with numerous mind boggling data issues.  

A new test work shows the helpfulness on the Traveling Salesman Problem (TSP), which shows up in various down 

to earth issues, e.g., the local collapsed three-dimensional adaptation of a protein in its most reduced free energy 

state; or both 2D and 3D collapsing measures as a free energy minimization issue have a place with an enormous 

arrangement of computational issues, thought to be restrictively immovable. As the TSP is tied in with tracking 

down the briefest way through a bunch of focuses, it's anything but a die-hard numerical issue, where numerous 

heuristics have been created in the past to discover rough arrangements. There is proof that the consideration of a 

human can be valuable in various different issues in various application domains, see e.g., In any case, for 

explanation, iML implies the joining of a human into the algorithmic circle, i.e., to open the discovery way to deal 

with a glass box. Different definitions talk likewise of a human-insider savvy, however it is the thing that we would 

call exemplary regulated methodologies, or in an absolute distinctive importance to place the human into actual 

criticism circles. 

 Deep Learning 

To wrap things up deep learning (DL) approaches ought to be momentarily referenced here, in light of the fact that 

they are as of now vigorously adding to the prevalence of ML in the more extensive local area for the most part and 

to the achievement of mechanical applications explicitly. A couple of sentences above us have talked about the 

significance of learning portrayals. Deep learning approaches can be viewed as portrayal learning methods with 

various degrees of portrayals comprising of various straightforward non-direct single levels, where each level 

changes the individual level into a portrayal of a higher—more unique—level. Significant here is to underscore that 

the features are not hand-created, rather completely consequently gained from the data, layer by layer, utilizing a 

universally useful learning methodology. The functional worth has been demonstrated in various applications, e.g., 

in PC vision, normal language understanding, connectomics (investigation of mind circuits) bioinformatics 

wellbeing informatics or in physical science to point just to a couple of models. 

 Deep Transfer Learning  
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A new work propels on deep learning for diagram structured data by fusing another key idea: move learning: 

Convolutional Neuronal Networks (CNN) and Recurrent Neural Networks (RNN) separate data-driven features 

from input data (e.g., picture, video, and sound data) structured in ordinarily low-dimensional standard frameworks. 

Lattice structures are frequently expected to have measurable qualities (e.g., stationarity, territory, and so forth) to 

work with the modeling cycle. Learning algorithms can exploit this suspicion and lift execution by just diminishing 

the intricacy of the boundaries. By defeating the basic presumption that preparation and test data ought to 

consistently be drawn from a similar feature space and dispersion, the exchange learning between various errand 

domains can reduce the weight of gathering new data and new preparing models for another assignment. Given the 

significance of underlying attributes in chart examination, it is important to move the data-driven primary features 

took in by deep organizations from a source domain to an objective domain.  

Knowledge Extraction (KE)  

 Stochastic Ontologies  

The mix of ontologies with ML approaches is an intriguing issue and not yet widely explored, having extraordinary 

future potential, especially in complex domains like the wellbeing domain. This is because of the fact, that the two 

ontologies and ML establish two basic advancements for domain explicit knowledge extraction, effectively utilized 

in knowledge-based frameworks. Little is yet thought about how the two can be effectively coordinated. The 

explanation is that the two advancements are chiefly utilized independently, without direct association. Researchers 

stressed that the knowledge removed by the two procedures is correlative, thus critical advantages can be acquired 

with a combination of both. An answer for this issue is of most elevated interest for wellbeing informatics, where 

applicable data sets are unpredictable and of high dimensionality with heterogeneous features, however where 

simultaneously complex assortments of knowledge are accessible for quite a while, for instance as grounded order 

frameworks including the bound together clinical language framework (UMLS), the worldwide grouping of 

sicknesses (ICD), or the standard classification of clinical terms (SNOMED), just as ontologies from the *omics 

data world including OMIM, GO, or FMA, just to specify a couple. Ontology learning is the pattern towards the 

programmed ML-based production of ontologies, since hand-creating ontologies are incredibly worked escalated 

and tedious.  

 Data as Knowledge Triggers 

In his Stanford NLP address arrangement called attention to that human language overall is a representative/straight 

out flagging framework; most information it passes on isn't contained in the words or sentences themselves. Maybe, 

it triggers inside the cerebrum of the beneficiary an entire slew of affiliations identifying with that individual's 

particular encounters just as something we would call world knowledge. In addition, there is exact proof that, at 

times, a portrayal of the speakers' goals is useful, and there is arrangement that getting language (not simple 

language preparing) is more than the utilization of fixed shows or potentially translating combinatorial structures 

and that probabilistic modeling might be useful here.  

Thus, language translation relies upon questionable certifiable knowledge, presence of mind, and contextual 

knowledge, which clarifies the strength of feature designing errands in the field of NLP and lessens the genuine 

machine learning part to simple mathematical improvement. For the most part, the accomplishment of machine 

learning algorithms rely upon feature learning, also known as portrayal learning, on the grounds that various 

portrayals can snare the informative factors of variety behind the data. This contextual knowledge is even huge for 

the importance of individual words, as e.g., the word ruler triggers various affiliations relying upon its utilization 

inside specific domains (history, chess, mainstream society, privateer, and so forth) Methods to consequently encode 

these calculated quirks arose as of late [74,75] and open up a huge number of new business application situations, 

particularly relating to the examination of little bits of text which contain inadequate information for simply factual 

investigation. 

Benefits of the New Journal MAKE 

There are superb and grounded top diaries in the field, for instance: Machine Learning (MACH), the Journal of 

Machine Learning Research (JMLR), or the Knowledge and Information Systems (KAIS) diary—just to specify 

three. Springer Machine Learning (MACH) is in activity since 1986 and is a set up worldwide discussion for 

research on computational ways to deal with learning. The diary distributes articles detailing considerable outcomes 
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on a wide scope of learning methods applied to an assortment of learning issues. In 2001, forty editors and 

individuals from the publication leading group of Machine Learning surrendered to help the Journal of Machine 

Learning Research (JMLR), which was around then the spearheading diary in machine learning: online accessible, 

open access and the copyright staying with the creators. The JMLR is presently the top-end diary and the benchmark 

of the field. Springer Knowledge and Information Systems (KAIS) is in activity since 1999 and gives a global expert 

gathering to progresses on all subjects identified with knowledge frameworks and information frameworks. The 

diary centers on frameworks, including their hypothetical establishments, infrastructure and empowering 

advancements. The diary for Machine Learning and Knowledge Extraction (MAKE) is a companion evaluated open 

access diary and the copyright stays with the creators. The distributer is the Multidisciplinary Digital Publishing 

Institute (MDPI), settled in Basel (Switzerland) with workplaces in Europe and China. Novel features include:  

 Promotion of a cross-disciplinary incorporated machine learning approach addressing seven segments to show 

global endeavors without limits, supporting community, trans-disciplinary, and cross-domain cooperation 

between specialists from these seven controls (see next area for subtleties);  

 Appraisal of these various fields will cultivate different points of view and feelings, consequently offering a 

stage for the trading of clever thoughts and a new look on methodologies to place insane thoughts into business 

to serve the human; moreover to encourage education (see subtleties underneath);  

 Stimulation of replications and further examination by consideration of data or potentially software with respect 

to the full subtleties of exploratory work as valuable material, if unfit to be distributed in a standard manner, or 

by giving connects to storehouses (e.g., Github) will give an advantage to the worldwide exploration local area 

(see issues of accessibility, convenience and acknowledgment, underneath).  

3. KNOWLEDGE EXTRACTION USING A CONCEPTUAL INFORMATION SYSTEM 

(EXCIS)  

One significant test in data mining is to remove intriguing knowledge and valuable information for master users. 

Various works zeroed in on indexes that action the intriguing quality of a mined example. They by and large 

recognized unbiased and emotional interest. Silberschatz and Tuzhilin proposed a method to characterize 

suddenness and noteworthiness by means of conviction frameworks while Liu fostered a method that utilization user 

assumptions. In most data mining projects, earlier knowledge is certain or isn't coordinated as a structured calculated 

framework. ExCIS is devoted to data mining circumstances where the master knowledge is critical for the 

translation of mined examples. In this methodology, application ontology is worked by investigating existing 

databases with joint effort of master users who assume a focal part. The fundamental goal in ExCIS is to propose a 

structure where the extraction cycle utilizes a very much framed applied information framework (CIS) for improving 

the nature of mined knowledge. We consider the worldview of CIS as characterized by Stumme: a relationnal 

database along with theoretical pecking orders.  

The CIS gives a helpful structure to additional mining assignments. An ontology is a consistent hypothesis 

representing the proposed importance of a conventional jargon, for example its ontological obligation to a specific 

conceptualization of the world. Extricating ontological structures from data is basically the same as cycles of 

recovering a calculated pattern from heritage databases. They depend with the understanding that adequate 

knowledge is put away in databases to develop the ontology.. They by and large apply a coordinating between 

ontological ideas and social tables with the end goal that the ontology extricated is exceptionally near the calculated 

database diagram. In ExCIS, the ontology gives a calculated portrayal of the application domain by breaking down 

the current operational databases.  

ExCIS primary attributes are: 

 Prior knowledge conceptualization: the CIS is extraordinarily designed for data mining assignments  

 Adaptation of the CRISP-DM methodology with CIS based readiness of data sets to be mined, CIS based post 

handling of mined knowledge to remove amazing as well as noteworthy knowledge and a steady advancement 

of the master knowledge put away in the CIS.  
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1. Databases and Ontologies  

Ontologies offer a conventional help to communicate convictions and earlier knowledge on a domain. Domain 

ontologies are not generally accessible; they must be constructed exceptionally by querying master users or by 

dissecting existing data. Separating ontological structures from data is basically the same as the way toward 

recovering a reasonable blueprint from inheritance databases. Various methods were proposed. They depend with 

the understanding that adequate knowledge is put away in databases for creating a smart aide for ontology 

development. They by and large apply a coordinating between ontological ideas and social tables to such an extent 

that the ontology extricated is near the calculated database construction.  

2. Ontologies and Data Mining 

 For the most recent ten years, ontologies have been widely utilized for knowledge portrayal and investigation 

chiefly in two domains: Bioinformatics and web content management. Organic knowledge is these days regularly 

addressed in 'bio-ontologies' that are formal portrayals of knowledge regions in which the fundamental terms are 

joined with organizing decides that depict relations between the terms. Bio-ontologies are built by textual portrayals 

of natural exercises. Quite possibly the most mainstream bio-ontology is Gene Ontology1 that contains in excess of 

18 thousands terms. It portrays the atomic storage of a quality item, the organic cycle wherein the quality item takes 

an interest and the cell part where the quality item can be found. Aftereffects of data mining cycles would then be 

able to be connected to structured knowledge inside bio-ontologies to unequivocal found knowledge, for example to 

distinguish natural elements of qualities inside a group. Fascinating studies of ontologies use for bio-informatics can 

be found. 

3. Outline of the ExCIS Approach  

ExCIS coordinates earlier knowledge up and down the mining interaction: the initial step structures and arranges the 

knowledge in the CIS and further steps abuse it and enhance it as well. 

 

Figure 1:  ExCIS Process 

Figure 1 portrays ExCIS measure from characteristic selection to extraction of intriguing examples. Figure 2 portray 

information stream in ExCIS approach. On every bolt a number alludes to a sub process in figure 1. In this study, 

area 4 depicts sub processes 1 to 3 while segment 6 portrays sub process 8. The worldwide ExCIS measure 

introduced in propositions figures shows: –  

 The CIS development where:  

 The ontology is extricated by examining unique databases and by connecting with master users.  



Vol-4 Issue-1 2018               IJARIIE-ISSN(O)-2395-4396 
  

14811 www.ijariie.com 1514 

 The knowledge base, set of factual informations, is acquired in an initial step from discoursed with master 

users.  

 The new nonexclusive Mining Oriented Database (MODB) is constructed. It contains data cleaned and 

arranged utilizing domain knowledge.  

 The pre-handling step where explicit datasets might be worked for explicit mining errands.  

 The standard mining step which concentrates designs from these datasets.  

 The post-preparing step where found examples might be deciphered or potentially separated by both earlier 

knowledge put away in the CIS and individual user endeavor. 

 

Figure 2:  Information flow 

 In this study we call "designs" a bunch of item sets. Technically, we utilize the CLOSE algorithm to separate 

affiliation rules (one item set for precursor and another for resulting). The MODB is supposed to be conventional 

since it will be utilized as a sort of fundamental data vault from which any assignment explicit dataset might be 

created. We consider MODB a relational database whose ascribes and values are ideas of the ontology we 

characterized. The hidden thought in the CIS is to fabricate structures which will give greater adaptability not 

exclusively to pre-preparing the data to be mined, yet for separating and deciphering found examples in a post-

handling step. Various leveled structures and speculation/specialization joins between ontological ideas assume a 

focal part to permit decreasing the volume of separated examples and to give an apparatus to deciphering results 

acquired by bunching algorithms. For mathematical or clear cut data, they give distinctive granularity levels which 

are helpful in the pre-preparing and the post-handling steps.  

4. Conceptual Structures of the Ontology  

 Ontology  

In ExCIS the ontology is a fundamental method both for improving data mining measures and for deciphering data 

mining results. It's an application ontology as characterized by Guarino, i.e. an ontology which portray ideas 

depending both on a specific domain (family part of the french medical services framework in our application) and 

undertaking (data mining in ExCIS methodology). The ontology is characterized by a bunch of ideas and relations 

among them which are found by dissecting existing data. It offers help both in the pre-preparing venture for building 

the MODB and in the post-handling steps for refining mined outcomes. Speculation/specialization relations between 

ontological ideas give important information since they might be utilized seriously for decreasing and deciphering 

results. For example, a bunch of reliance rules might be decreased by speculation on credits or by speculation on 

qualities. Subsequently the rules in the ontology development are:  
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 To recognize quality idea (a data property) and worth idea (a worth of a data property).  

 To build up coordinating between source ascribes and property ideas and a coordinating between source 

esteems and worth ideas.  

 To characterize idea orders between ideas.  

This ontology doesn't contain any occasions since values are coordinated in progressions and considered as ideas. 

The MODB is a social database whose job is to store the most fine-grain data inspired from the first database. 

MODB ascribes are those which are distinguished as important for the data mining errand and MODB tuples are 

made out of the most fine-grain esteems.  

 Ontology Relationships  

A relationship is a situated relation between two ideas. In ExCIS there are two various types of ideas and we 

recognize relations between ideas of similar progressive system and ideas of various pecking orders. Relations from 

a trait idea toward a worth idea are illegal since the relationship "is worth of" has no significance in the present 

circumstance. There exist five distinct relations between ideas. Among every one of the relations, we can set up 3 

distinct classes:  

 Relations between value concepts 

 Speculation or specialization relations between value concepts are helpful to sum up patterns during the post-

preparing step. Moreover, relations between two worth ideas of a similar progression are fundamental since they 

permit to choose data granularity in datasets produced from the MODB. 

 Relations between attribute concepts 

 Speculation or specialization relations between trait ideas are valuable to sum up models during the post-handling 

step. Relations between two substantial property ideas of a similar chain of importance are explicit in light of the 

fact that they must be checked during datasets generation: without a doubt these traits can't be in the equivalent 

dataset to stay away from repetition. ExCIS method precludes relations between properties ideas of various 

progressive systems since attribute concepts which are semantically close must be found together in a similar chain 

of importance. 

 Relations between value concepts and attribute concept 

 These relations are fundamental to construct data or to give diverse semantic perspectives during the post-preparing 

step. For example, "98001" is both a "Home Location" and a "Postal district". In the event that ideas are 

semantically close they should be in a similar order and in the event that they are somewhat extraordinary they can 

be into two distinct progressive systems. 

4. CONCLUSION  

The WordNet is the lexical data base used to separate the Synset for given component and furthermore known to be 

philosophy apparatus. The philosophy structure assembles utilizing the Synset of chose highlight and ideas are 

separated from the sources like WordNet, Thesaurus, Expert users, phrasing and so forth The connections among 

these ideas are set up to give the semantic importance and knowledge portrayal. The total information importance is 

addressed utilizing reasonable framework model based text mining algorithms. The precession, review and F-

measure are utilized to assess textual data. Likewise, scientists have designed and executed the SpellCheck 

algorithm which takes highlights from prepared archive and gives Synsets from WordNet. The Synset gives 

catchphrases of given element which is valuable to create the ideas. The highlights give learning ability to the 

framework. A reasonable method to determine the issues referenced is to utilize specialist programming that ought 



Vol-4 Issue-1 2018               IJARIIE-ISSN(O)-2395-4396 
  

14811 www.ijariie.com 1516 

to have learning capacities and furthermore ready to convey to different subsystems or sub-specialists. This is 

feasible to indicate utilizing educational ontology's that give machine coherent particular of the embodiment of such 

ideas. 

5. REFERENCES 
 Abbasnasab Sardareh, Sedigheh & M, Saad & J, Othman & Che Me, Rosalam. (2014). Enhancing Education 

Quality Using Educational Data. Scholars Journal of Arts, Humanities and Social Sciences. 2. 440-444. 

 Ahmad, Farhan & Karim, Muhaimin. (2017). Impacts of knowledge sharing: a review and directions for 

future research. Journal of Workplace Learning. 31. 207-230. 10.1108/JWL-07-2017-0096. 

 Ahmad, Kashif & Qadir, Junaid & Al-Fuqaha, Ala & Iqbal, Waleed & Elhassan, Ammar & Benhaddou, D. & 

Ayyash, Moussa. (2010). Artificial Intelligence in Education: A Panoramic Review. 10.35542/osf.io/zvu2n. 

 Algarni, Abdulmohsen. (2016). Data Mining in Education. International Journal of Advanced Computer 

Science and Applications. 7. 10.14569/IJACSA.2016.070659. 

 Almaiah Mohammed & Alyoussef, Ibrahim. (2015). Analysis of the Effect of Course Design, Course Content 

Support, Course Assessment and Instructor Characteristics on the Actual Use of E-Learning System. IEEE 

Access. PP. 1-1. 10.1109/ACCESS.2015.2956349. 

 Amrieh, Elaf & Hamtini, Thair & Aljarah, Ibrahim. (2016). Mining Educational Data to Predict Student's 

academic Performance using Ensemble Methods. International Journal of Database Theory and Application. 

9. 119-136. 10.14257/ijdta.2016.9.8.13. 

 Anderberg, Michael R. Cluster analysis for applications: probability and mathematical statistics: a series of 

monographs and textbooks, Academic press, 19 (2014).  

 Andrew Kok, “Intellectual Capital Management as Part of Knowledge Management Initiatives at Institutions 

of Higher Learning”, The Electronic Journal of Knowledge Management, Vol. 5, Issue 2, pp. 181-192, 2007. 

 Ang, ling weay & Masood, Mona. (2015). Chrono-Map History Learning System: Design, Development, 

Testing and Evaluation Phase. 

 Anisimova, Tatyana & Sabirova, Fairuza & Shatunova, Olga. (2010). Formation of Design and Research 

Competencies in Future Teachers in the Framework of STEAM Education. International Journal of Emerging 

Technologies in Learning (iJET). 15. 204. 10.3991/ijet.v15i02.11537. 

 

 

  

 


