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ABSTRACT 

 

Incomplete pattern system is based on the values which are missing in the dataset. This is very challenging task to 

classify the incomplete pattern. The new method is introduced Prototype based credal classification (PCC) method 

to deal with this issue. To estimate the missing values training samples are used through the the class prototypes. To 

solve the classification problem a new credel combination method is introduced. In the proposed system k -means 

clustering is done for the clustering of incomplete pattern. It is very difficult to classify the incomplete pattern in a 

specific class.  The data fusion is done in the system with the selected meta-class.. 
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I. INTRODUCTION 
 

Missing pattern imputation is a vital topic in data preprocessing that's an imperative step in data mining, and it 

usually provides rise to typical challenges confronted by domain specialists. Since the data quality of the output 

within the preprocessing s tep could be a major concern in data processing, researchers have connected sizable 

attention on missing price imputation throughout the past decade. Much work has been done to develop procedures 

and tools to handle missing values. Throughout recent years, in whichever field of study, kNNI imputation 

methodology has been extensively studied and wide applied as a result of its high potency, simple operative and 

sizable accuracy. Data imputation is developed as a tangle of estimation of missing values by mult iple operations 

supported cluster. What is more, the prime contribution of this paper might be delineated as follows. (a) Div iding 

non missing things into a finite range of well-part itioned clusters contributes to create the complet ion within the 

optimum tailored space. (b) The grey relative analysis, that signifies the situational variat ion of the curve, may 

characterize the relat ive discrepancy additional exactly. (c) CBGMI is adapted to the sensible reg ion with correct 

performance. 

 

However, in line with the analysis of the unfinished knowledge, it addit ionally significantly affected by density of 

points in every quadrant and also the distance between the unfinished knowledge and complete data. So, supported 

QENNI, it proposed to take under consideration the density and distance by deliberation them and thus propose a a 

lot of improved imputation algorithmic program, Density- and Distance-weighted and Quadrant-based imputation 

algorithmic program (DDW Q), that overcomes the restrictions mentioned above and shows a more practical 

performance than QENNI. 

 

Ev idential reasoning has been already utilized in several fields, like informat ion classification, information 

agglomerat ion, and decision-making. Some informat ion classification ways are developed supported DST. The 

model-based classifiers are planned by Denoeux and Smets supported Smets’ transferable belief model (TBM). 

Associate in Nursing important K-nearest neighbors (EK-NN) rule supported DST is planned in, Associate in 

Nursing an important neural network (ENN) classifier operating with DST is conferred in. within the said  ways, the 

meta-classes outlined by  the disjunction of many specific categories (i.e. the part ignorant classes) are not thought 
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of as potential solutions of the classification. In our terribly  recent work, a replacement belief K-nearest neighbor 

(BK-NN) classifier operating with doctrine classificat ion has been conferred to subsume unsure information by 

considering all potential meta-classes within the classification  method, as a result  of the meta-classes square 

measure actually helpful and necessary to represent the inexactitude of the classification. 

 

II. RELATED WORK 
 

Arnaud Martin [2] proposes a new credal combination method for solving the classification problem which is able to 

characterize the inherent uncertainty due to the possible conflict ing results delivered by the different estimat ions of 

missing data attributes. The incomplete patterns that are very d ifficu lt to classify in  a specific class will be 

reasonably and automatically committed to some proper meta-classes by this new PCC method in order to reduce 

the misclassificat ion rate. The effectiveness of this new PCC method is tested through three experiments with 

artificial and real data sets. 

Hicham Laanya, Arnaud Martin presented, [3] the mass appearing on the empty set during the conjunctive 

combination rule is generally considered as conflict, but that is not really  a conflict. Some measures of conflict have 

been proposed, this recall some of them and this shows some counter-intuitive examples with these measures. 

Therefore it defines a conflict measure based on expected properties. This conflict measure is build from the 

distance-based conflict measure weighted by a degree of inclusion introduced in this paper. 

Chunfeng Lian, Su Ruan proposes in [4] the paper a regression approach based on the statistical learn ing theory of 

Vapnik. The membership and belief functions have the same properties; that it take as constraints in the resolution of 

our convex problem in the support vector regression. The proposed approach is applied in a pattern recognition 

context to evaluate its efficiency. Hence, the regression of the membership functions and the regression of the belief 

functions give two kinds of classifiers: a fuzzy SVM and a belief SVM. From the learning data, the membership and 

belief functions are generated from two classical approaches given respectively by fuzzy and belief k -nearest 

neighbors. Therefore, it  compares the proposed approach, in terms of classification result s, with these two k-nearest 

neighbors and with support vector machines classifier. 

Zhun-ga Liu, Jean Dezert investigates ways [5] to learn efficiently from uncertain data using belief functions. In 

order to extract more knowledge from imperfect and insufficient informat ion and to improve classification accuracy, 

it proposes a supervised learning  method composed of a feature selection procedure and a two -step classification 

strategy. Using training information, the proposed feature selection procedure automatically determines the most 

informat ive feature subset by min imizing an objective function. The proposed two -step classification strategy 

further improves the decision-making accuracy by using complementary information obtained during the 

classification process. The performance of the proposed method was evaluated on various synthetic and real 

datasets. 

Thierry  Denoeux presented [6] the principle of our approach is to consider that objects lying in the midd le of 

specific classes (clusters) barycenters must be committed with equal belief to each specific cluster instead of 

belonging to an imprecise meta-cluster as done classically in ECM algorithm. Outlier’s object  far away of the 

centers of two (or more) specific clusters that are hard to be distinguished wi ll be committed to the imprecise cluster 

(a disjunctive meta-cluster) composed by these specific clusters. The new Belief C-Means (BCM) algorithm 

proposed in this paper follows this very simple principle. In BCM, the mass of belief of specific cluster for each 

object is computed according to distance between object and the center of the cluster it may belong to. The distances 

between object and centers of the specific clusters and the distances among these centers will be both taken into 

account in the determination of the mass of belief of the meta-cluster. It does not use the barycenter of the meta-

cluster in BCM algorithm contrariwise to what is done with ECM. In this paper this also presents several examples 

to illustrate the interest of BCM, and to  show its main d ifferences with respect to clustering techniques based on 

FCM and ECM. 
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III. ARCHITECTURAL VIEW 

 

 
 

 
                                         Fig.1: System Architecture 
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Sr.n

o 

Paper Technique Advantage Disadvantage Result 

1 Security in 

Outsourcing of 

Association Rule 

Mining 

scheme based on a one-to-

n item mapping that 

transforms transactions 

non-deterministically 

exchange cipher 

techniques in the 

encryption of 

transactional 

data for 

outsourcing 

association rule 

mining 

 It is only 

feasible when 

task is to be 

performed at 

owner side 

algorithm carry out 

a single pass over 

the database and 

thus is appropriate 

for systems in 

which data owners 

send streams of 

transactions to the 

service provider 

2 PrivBasis: 

Frequent Itemset 

Mining with 

Differential 

Privacy 

initiate PrivBasis, a new 

technique of publishing 

repeated itemsets with 

differential privacy 

guarantees 

this technique 

can be inspect as 

a dimension 

diminution to 

deal with the 

annoyance of 

dimensionality in 

private 

information 

investigation and 

data 

anonymization 

Needs to 

improve the 

technique for 

more privacy 

mining 

Experiments show 

that this technique 

greatly outperforms 

the current state of 

the art 

3 Differentially 

Private 

Sequential Data 

Publication via 

Variable-Length 

N-Grams 

utilizing a variable-length 

n-gram model, which take 

out the fundamental 

information of a sequential 

database in terms of a set 

of variable-length n-grams 

we expand a 

solution for 

generating a 

synthetic 

database, which 

enables a wider 

spectrum of data 

analysis task 

Complexity  of 

the technique is 

very high. 

Extensive 

experiments on 

real-life datasets 

demonstrate that 

our approach 

substantially 

outperforms the 

state-of-the-art 

techniques 

4. An Audit 

Environment for 

Outsourcing of 

Frequent Itemset 

Mining 

address the integrity issue 

in the outsourcing process, 

i.e., how the data owner 

verifies the correctness of 

the mining results. 

We established a 

formal 

framework of the 

problem with a 

definition of a 

set of malicious 

actions that a 

malicious service 

provider might 

perform 

 

Need to  work 

on reducing the 

mining 

overhead and 

make it a 

controllable 

factor by 

integrating AIP 

and sampling 

techniques on 

original 

explained how AIP 

works through a set 

of theorems. A 

malicious miner 

cannot benefit from 

performing any of 

the malicious 

actions and 

thus the returned 

mining result is 

both correct and 



Vol-2 Issue-4  2016  IJARIIE-ISSN(O)-2395-4396 
 

2883 www.ijariie.com 476 

database, which 

do not inject 

additional data 

and hence do 

not bring in 

additional 

mining effort 

miner. 

complete with a 

high confidence 

 

 

V. CONCLUS ION 

 

This proposed a missing pattern classification for incomplete data operation that complete the values and pattern by 

arithmetic functions. In the proposed system evidential reasoning plays important role for missing patterns in the 

dataset.  The g lobal fusion of those discounted results is adopted for philosophical system classification of the 

article. If the c results square measure consistent on the classification, the article are going to be committed to a 

selected category that's powerfully supported by the c results. However, the high conflict among these c results 

implies that the category of the article is sort of unsure and inexact solely supported the far-famed  attributes data. In 

such case, the article becomes terribly tough to categoryify properly in an exceedingly specific class and it's fairly 

assigned to the right meta-class outlined by the union of the precise categories that the article is probably going to 

belong to. Then the conflicting mass of belief is transferred not absolutely to the chosen meta -class. Once Associate 

in nursing object is committed to a meta-class, it implies that the precise categories enclosed within the meta-class 

appear indistinguishable for this object supported the far-famed attributes 
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