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ABSTRACT 
 

Twitter has much popular recently. It has attracted number of users to share the  information and 

communication to each other. It produces the large amount of data every day.  An important characteristic of 

Twitter is its real-time nature. The system investigates the real-time interaction of events such as natural calamity 

using Twitter and proposes an algorithm to control tweets and to detect a target event. To detect a target event, 

system divides a classifier of tweets depends on features such as the keywords in a tweet, the number of words, and 

their context. Subsequently, system to form a probabilistic spatiotemporal model for the target event that can find 

the center of the event location. System regard every Twitter user as a sensor and apply particle filtering, which are 

widely used for location estimation. The particle filter works better than other various methods for estimating the 

locations of target events. As an application, system develops the natural calamity reporting system for use in no of 

country. Because of the number of natural calamity and the so many number of Twitter users throughout the 

country, system can detect the natural calamity with high probability. Merely by monitoring tweets, Our system 

detects natural the calamity promptly and notification is delivered much faster. 
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1. Introduction  

Today Social Networking Sites (SNS) have become a part of our day to day life. We share a lot of data on 

these sites. They helped us to make the world smaller and integrated with each other. There are many SNS available 

today and many more are piling each day. Thus users use many SNS each day and communicate and share data with 

friends and family. This communication medium gave rise to complex structure whether a user really like the SNS 

which he uses more or he needs another SNS other than he uses more. Thus one of the most famous SNS is 

TWITTER which is used to share data and post our thoughts and latest buzz upon the internet. The users using 

TWITTER have increased dramatically in the recent years. So the analysis of this SNS may help in answering and 

predicting many answers. This online social network (twitter, Facebook, etc.) is used by millions of people around 

the world to remain socially connected to their friends, family members, and work met through their computers and 

mobile phones . Answer is less than 140 characters when Twitter asks the question, “What’s happening?”.  A status 

update message, called a tweet, is often used as a tweet to friends and colleagues. A one user can follow other users; 

that user’s followers can read her tweets on a daily basis. A user who is being followed by another user need not 

necessarily reciprocate by following them back, which renders the links of the network as directed. Since its launch 

on July 2006, Twitter users have increased fast. The number of registered Twitter users added 100 million in April 

2010. The service(twitter) is still adding about 300,000 users per day.1 now a days, 190 million users use Twitter per 

month, generating 65 million tweets per day. 
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2. Programming code  

 JAVA programming codes for building application to analyze the real time event detection   like 

earthquake, flood , etc. 

 

3. Tools for development 

To develop the application, windows xp or higher operating system is required. Java development kite (Jdk 

1.6) or   higher. TWITTER REST API Is use to monitor the tweets . 

 

4. Methodology 

4.1 Support vector machines-1 

SVM are supervised learning models which analyze data and recognize patterns associated with learning 

algorithms that, used for classification and regression analysis. The basic SVM takes a set of input data and predicts, 

for input given to system, which of two possible classes forms the output, forming it a non -probabilistic binary 

linear classifier. 

4.2 The Twitter Search API-2 

The Twitter Search API is part of Twitter’s v1.1 REST API. Recent or popular Tweets allows as queries 

against the indices of  and behaves similarly to, but not exactly like the Twitter mobile or web clients  Search feature 

available, such as Twitter.com search. 

 

5. LITERATURE SURVEY 

We have been gathering information about how to integrate the twitter with our application and how to 

monitor tweets using twitter rest API. For analyzing and predicting tweets we are thinking of using machine learning 

algorithms as they are strong enough to predict positive and negative results after they are trained and the proposed 

system will become user independent. We are thinking of using google maps to show the results properly. So for 

achieving those we are presenting the material needed for our application to perform properly . 

6. How it works 

6.1 Detecting Events-1 

As Twitter is a real-time entity, the different events can be detected by analysing the tweets. Spatial and 

temporal information, about tweet is present from that we can detect time and location. E.g., via monitoring an 

incoming tweet “Shooting outside inorbit cafe.” at 2:38pm on July 24, we were able to detect the crime immediately, 

and extract the location and the time of the event as well. 

6.2 Analysing Events-2 

Twitter gives different reports for the same event (e.g., “Japan earth quake”), by collecting tweets for that 

event and analyze aspects for that information. First, we observe patterns the spatial pattern and temporal pattern of 

events. E.g., via analyzing the distribution of tweets related event, we can observe the major regions for that event. 

Second, we can identify the time-period of important events in that region. E.g., via analyzing the number of tweets 

related to Japan earthquake, identify that event as an influential event worldwide. Recently, several systems (e.g., 

[1]) have been proposed to observe tweets and detect events, but most of them are missing the analysis component. 
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In the literature, systems are proposed to analyze events from blogs, but they may fail in processing tweets, which 

are short and noisy, and do not give the correct information (e.g., user’s network) in Twitter. 

 

7. Architecture 

 

 
 

 

       Fig. :   Architecture of Tweet analysis for real–time  natural calamity  

8. Security issues 

To make the system secure the user need to know the password of the application. Log file should be 

maintained to keep track of the use of the application. 

9. Advantages 

1: The propose system is user friendly and have search tweet mechanism. 

2: The system is used for prediction of destination location. 

3: The system helps in finding exact location of natural disasters by classifying the tweets. 

4: Results should be analyzed properly by using SVM classifier. 

5: The system will analyze the results and show on Google map. 

10. CONCLUSIONS  

As described in this paper, we investigated the real-time nature of Twitter, devoting particular attention to 

event detection. Semantic analyses were performing, on tweets to divide them into a positive and a negative class. 

We regard each Twitter user as a sensor, and set the problem as detection of an event based on sensory observations. 

Location estimation methods such as classify and filtering are used to find the locations of events. As an application, 

we developed an natural event system, which is a novel approach to inform people promptly of an earth -quake 

event. Micro blogging has real-time characteristics that is look different it from other social media such as blogs and 
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collaborative bookmarks. As described in this paper, we give an example that leverages the real-time nature of 

Twitter to make it useful in solving an very important social problem: natural disasters. It is hoped that this paper 

will provide some insight into the time ahead integration of semantic analysis with micro blogging data. 
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